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Hello, Matthew
What can I help you with?

What’s the best blender for a small apartment?

TRADITIONAL
COMMERCE OPTIMIZED
DISCOVERY.
EMERGING COMMERCE
OPTIMIZES DEFENSIBLE
SELECTION.

THE COMMERCE SHIFT
For years, digital commerce depended on exploration. Shoppers searched,
compared, and decided. Discovery created opportunity. Evaluation determined
outcome.

Now, intelligent systems increasingly shape that evaluation. Consumers ask for
outcomes. Systems interpret the request, evaluate products, and narrow the
field before a product page is ever visited.

Influence is moving upstream.

Visibility creates opportunity. Selection depends on certainty.

THE PREVIOUS MODEL

Search → Click → Browse → Compare →
Decide → Purchase

Influence occurred during evaluation.
Marketing competed for attention because the
shopper performed the comparison. Content
was designed to persuade a human reviewing
options.

THE EMERGING MODEL

Ask → System Interprets → Evaluates Options
→ Narrows Field → Human Confirms

Influence occurs during system evaluation.
Products are filtered before a shopper reviews
alternatives. Content must reduce uncertainty
and enable confident selection, not just
consideration.
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WHAT HAPPENS WHEN
SOMEONE ASKS:

What’s the best blender for a small apartment?

When a consumer asks for a recommendation, the system is not returning
a list of links. It is attempting to generate a defensible answer.

To do that, it reduces uncertainty step by step.

THE AGENTIC COMMERCE PLAYBOOK | 3

The request is translated into constraints:

• Limited space
• Lower noise tolerance
• Everyday usability
• Indoor use
• Budget awareness

The question becomes structured requirements.

Specifications, descriptions, and transcripts are analyzed
to determine:

• Motor power relative to noise
• Footprint and storage size
• Durability for daily use
• Suitability for small kitchens

Feature lists alone are not enough. The system must
understand how attributes translate into outcomes.

Products matching category and core
attributes are assembled.

Items with inconsistent naming, missing
specifications, or unclear classification
may never enter consideration.

Demonstrations, walkthroughs, and
explanations are weighted more heavily than
promotional language.

The system looks for evidence of how the
product behaves, not just how it is described.

STEP 1

STEP 3

STEP 2

STEP 4

Interpret the Goal

Match Features to Constraints

Retrieve Viable Candidates

Evaluate Demonstrated Behavior

Signals are compared across sources:

• Consistent descriptions
• Reviews
• Supporting visuals
• Credible reasoning

Ambiguity increases risk.
Agreement increases recommendation probability.

The system selects the product it can most
confidently justify for that environment.

Not the most popular.
Not the most advertised.

The least uncertain.

STEP 5 STEP 6

Cross-Check Confidence Generate the Recommendation



AI does not rank the “best” product.

Products are not competing for attention.
They are competing for confidence.

HOW AI EVALUATES
YOUR PRODUCT
When a system compares products, it is not asking which
one sounds best. It is asking: Which product can I
confidently justify in this context?

Every recommendation is a risk decision. If the system
cannot clearly define, explain, and defend a product
choice, it reduces exposure to uncertainty by excluding it.

Does this product clearly exist as
a defined entity?

Can the recommendation be
explained?

Can the system understand
what problem it solves?

Is there observable evidence
it behaves as described?

Are its category, attributes, and specifications
consistent across sources? If naming, specs, or
classification vary, retrieval becomes unreliable.
Unclear products are filtered out early.

Are there reasoned connections between attributes
and outcomes? Can the system articulate why this
product fits this constraint? Claims without
reasoning increase uncertainty.

Does the content connect features to real-world
use cases? Or does it rely on positioning
language and vague benefits? Ambiguity
prevents comparison.

Are demonstrations, walkthroughs, and aligned
descriptions available? Do multiple sources
reinforce the same interpretation? Unverified
statements raise risk.
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A system evaluates four questions:

It filters out the ones it cannot confidently
defend. The most recommended product is often
not the most marketed. It is the least uncertain.

FEATURE
COMPARISON



AI systems favor information
that reduces ambiguity.

Structured attributes
Clear use-case alignment
Reasoned explanations tied to outcomes
Observable or reinforced behavior

Product content was built for persuasion, but
AI systems prioritize validation. A product can
be compelling and still go unrecommended.
When fit is unclear, systems reduce risk by
excluding it. 

WHY TRADITIONAL PRODUCT
CONTENT STRUGGLES IN AI-
MEDIATED COMMERCE

Most product content was designed
for human interpretation.

Brand copy communicates positioning.
Lifestyle imagery communicates
aspiration.
Marketing language communicates
persuasion.
Feature lists communicate information.

These formats help a person form an
opinion. They do not always help a system
justify a recommendation.
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LAYER SYSTEM QUESTION
WHAT INCREASES
SELECTION
PROBABILITY

WHAT REDUCES IT

Structured
Definition

Does this product exist as a
clearly defined entity?

Consistent category
classification, normalized
attributes, complete specs,
explicit constraints

Inconsistent naming, missing
attributes, conflicting specs,
incomplete product data

Intent
Alignment

Can this product be matched to a
specific use case?

Clear problem–solution
framing, constraint-aware
language, outcome-linked
descriptions

Generic positioning, vague
benefits, unclear use-case
language

Explainable Fit Can the recommendation be
logically justified?

Reasoned connections
between features and
outcomes, articulated
tradeoffs, contextual
comparisons

Unsupported claims, feature
dumping without reasoning, no
tradeoff acknowledgment

Demonstrated
Behavior

Is there observable evidence of
performance?

Demonstrations,
walkthroughs, aligned
transcripts, verifiable
examples

Lifestyle imagery without
proof, promotional language
without validation

Reinforced
Confidence

The recommendation is low risk

Cross-source consistency,
aligned descriptions,
reinforcing validation
signals

Mixed messaging,
contradictory specs,
fragmented explanations
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THE 5 LAYERS OF
AGENTIC VISIBILITY
How AI Systems Reduce Uncertainty Before Recommending a
Product

AI-mediated discovery does not reward volume. It rewards layered
confidence. Each layer removes a different category of uncertainty.
Failure at any layer reduces selection probability.

AI systems do not rank the most persuasive product. They surface the
product with the lowest unresolved uncertainty. Visibility increases as
uncertainty decreases.
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THE
AGENTIC

CONTENT
STACK 



What This Layer Includes

• Clean category classification
• Normalized specifications
• Explicit constraints and compatibility
• Consistent naming across sources
• Structured markup where applicable
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LAYER 1
STRUCTURED DATA
ARCHITECTURE

Before a product can be recommended, it must be retrievable.

AI systems rely on structured attributes to determine whether a
product clearly exists as a defined entity. If category, specifications, or
constraints are inconsistent, retrieval becomes unreliable.

This layer establishes eligibility.

This is not persuasion.
It is definition.

Incomplete or inconsistent product data increases ambiguity.
Ambiguity reduces exposure.

Structured architecture ensures the product can enter evaluation
pipelines before higher layers determine selection.

Category

Attributes

Specifications

Constraints

Compatibility



What This Layer Includes

• Clear problem–solution framing
• Use-case specific language
• Constraint-aware descriptions
• Outcomes tied directly to features
• Contextual clarity over positioning language
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LAYER 2
INTENT-MAPPED CONTENT
Once a product is retrievable, it must be matchable.

AI systems interpret requests as constraints. They do not look for
slogans. They look for alignment between a user’s situation and a
product’s purpose.

This layer translates attributes into context.

Generic positioning does not map cleanly to
intent.

When use cases are vague, comparison
becomes unreliable.
When outcomes are explicit, matching becomes
precise.

Intent-mapped content increases the
probability that a product surfaces when a
specific need is expressed.

This is not branding.
It is alignment.

USER REQUEST

INTERPRETED CONSTRAINTS

MATCHED PRODUCT OUTCOME

“What’s the best blender
for a small apartment?”

Small footprint
Low noise
Daily use

Compact base
Quiet motor
Durable build



What This Layer Includes

• Clear connections between features and real-world results
• Articulated tradeoffs
• Contextual recommendations
• Comparative framing when relevant
• Explanations that move beyond feature lists
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LAYER 3
EXPERT REASONING LAYER
Matching a request is not enough.

The system must be able to justify the recommendation.
AI systems favor products they can explain.
This layer connects attributes to outcomes through reasoned logic.

“As a personal chef, I need something
powerful enough for daily use, but

compact and quiet enough for
apartments and family kitchens. This

blender delivers both without sacrificing
durability.”

Example of Desire Co.
Agentic Embedded Transcript

Agentic Performance Video from Desire Co.  pairs
expert reasoning with structured transcripts,
making every explanation machine-readable and
AI-retrievable.



What This Layer Includes

• Product demonstrations
• Real-world walkthroughs
• Expert-led explanations
• Performance examples tied to outcomes
• Transcripts aligned with observable behavior
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LAYER 4
DEMONSTRATED EVIDENCE LAYER

Explanation increases confidence.
Demonstration reduces risk.

AI systems weigh observable behavior more heavily than promotional
language. They look for signals that performance matches description.
This layer provides proof.

Lifestyle imagery suggests aspiration.
Demonstrated behavior provides validation.

Our Agentic Performance Video combines real product demonstration with
structured data, turning expert insight into AI-readable evidence that increases
recommendation confidence.



What This Layer Includes

• Consistent descriptions across channels
• Aligned specifications and attributes
• Reinforcing validation signals
• Cross-source agreement in positioning and explanation
• Structured data that reflects demonstrated behavior
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LAYER 5
REINFORCEMENT LAYER
A single strong signal is helpful.
Aligned signals are decisive.

AI systems increase confidence when multiple sources support the same interpretation.
Consistency reduces uncertainty. Fragmentation increases it.

This layer ensures systemic alignment.

High review volume does not guarantee recommendation.

Confidence comes from agreement, not popularity.

When messaging, attributes, and evidence reinforce each other across environments,
exposure probability increases.



RETAIL MEDIA IN AN AGENTIC
WORLD

When shoppers browse, ads shape consideration.
When shoppers ask for outcomes, systems evaluate before exposure.

Discovery is no longer a single moment.
It is layered.

BID → IMPRESSION → CLICK → PDP → DECISION

Retail media influences exposure. Agentic systems influence selection.
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THE TRADITIONAL RETAIL MEDIA MODEL

Visibility created opportunity.
Persuasion influenced outcome.

REQUEST → EVALUATION → SHORTLIST →
RECOMMENDATION → VISIT

THE EMERGING AGENTIC MODEL

Evaluation occurs before the page visit.
Selection narrows the field before exposure.
Advertising can secure placement.
It cannot guarantee defensibility.

Retail media remains powerful. But in AI-mediated commerce, paid visibility does not override uncertainty.
A product can win the auction and still fail the evaluation.
The next advantage does not come from more impressions.
It comes from reducing selection risk before the system filters.



• Clear use-case alignment
• Demonstrated performance
• Expert product reasoning
• Structured product data
• Reinforced validation signals
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THE EVOLVING ROLE OF THE PDP

The product detail page was built to persuade. In AI-mediated commerce,
it must also validate.

It must prove:

• Why the product fits

• How it performs

• Why AI systems can trust the recommendation

Agentic Performance Video strengthens PDP validation by pairing expert

demonstrations with structured data, giving AI systems the evidence needed to

confidently recommend your product.

WHAT MAKES AN
AGENTIC-READY PDP

IN AN AGENTIC ENVIRONMENT, THE PDP MUST DO MORE THAN

DESCRIBE.



A defensible PDP allows a system to clearly
understand and justify the recommendation.

It makes four things unmistakable:
• What the product is
• What problem it solves
• Why it fits this specific situation
• How its performance is supported
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WHAT MAKES A PDP DEFENSIBLE

Traditional PDPs list specifications, use marketing
language, and present general claims. That helps a
person form an opinion. AI systems require more.

They favor:
• Clear use-case alignment
• Outcomes tied directly to features
• Structured consistency across descriptions
• Demonstrated or reinforced evidence of
performance

Popularity measures satisfaction.
Recommendation requires explainability.

A highly rated product can still lose if its fit
cannot be clearly articulated.

The most effective product pages do not simply
persuade.

They confirm.

They reduce ambiguity.
They reinforce evidence.
They make the selection defensible.



WE EVALUATE YOUR CURRENT PRODUCT CONTENT ACROSS FIVE LAYERS:

THE ROADMAP FOR 2026

AI-driven selection does not require reinvention. It requires alignment.
From theory to selection confidence.
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01 — ASSESS Structured clarity
Intent alignment
Expert reasoning
Demonstrated evidence
Cross-channel reinforcement

AGENTIC VISIBILITY AUDIT
Evaluate your current product
content across five layers:

WE EVALUATE YOUR CURRENT PRODUCT CONTENT ACROSS FIVE LAYERS:

02 — STRENGTHEN Structured product architecture
Intent-mapped positioning
Expert-led reasoning
Demonstrated product
evidence

LAYER DEVELOPMENT
Build or refine:

WE EVALUATE YOUR CURRENT PRODUCT CONTENT ACROSS FIVE LAYERS:

03 — ALIGN
PDPs
Expert video
Structured data
Reviews
Third-party data

REINFORCEMENT ACROSS
CHANNELS
Align signals to support a consistent
interpretation.

See how your products perform in AI selection environments.

Request an Agentic Visibility Audit
sales@thedesirecompany.com



Content built for AI selection

Our Agentic Performance Video transforms expert product content into structured, AI-
readable data.

 • API delivers machine-readable transcripts, attributes, and demonstrations
 • Makes expert insights retrievable by search, AI assistants, and shopping agents
 • Enables AI to understand, compare, and justify your product
 • Structured data is also available via simple copy-paste if API access isn’t required.

This creates unique product intelligence no competitor can replicate, giving AI the
evidence it needs to discover, recommend, and prioritize your products.

PREPARING FOR AGENTIC
COMMERCE

PREPARE YOUR PRODUCTS FOR AI SELECTION

BOOK YOUR AGENTIC COMMERCE STRATEGY SESSION

Product content built for how products get chosen now
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SALES@THEDESIRECOMPANY.COM
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