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Overview

« About CTData — our mission and services
« Examples of our work
« Fundamentals and principles for data projects

« How we approach our work




Our Mission

Striving for informed decision-making across
Connecticut, we empower an ecosystem

of data users by democratizing access to
public data and building data literacy.

CT
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Services
We Provide

« Data Workshops

« Customized Data Literacy
Training

- Data Analysis & Visualization

- Data Helpline (info@ctdata.org)
- Data Strategic Planning ©

» Special Projects, Technical Tools
+ Integrated Data Systems

ctdata.org



CT Data Academy

Analyzing The Basics of Data Data Storytelling
Qualitative Data Literacy

Quantitative Data Data Visualization Survey Design
Analysis

CT
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Examples of our work

Where to go if you're looking for Norwalk data




Town Profiles

Data Topics Include:
Economy
Demographics
Housing
Education
Labor Force
Municipal Fiscal

Commuting

profiles.ctdata.org

CT
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Presenter Notes
Presentation Notes
Data topics:
Economy
Demographics
Housing
Education
Labor Force
Municipal Fiscal
Commuting


Housing Data
Profiles

Scroll down for
visualizations

Downloadable PDF

housingprofiles.pschousing.org

CT
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Women and Girls Data
Platform

Customize your view

+ Choose your county or
city

+ Choose your topic

* Interactive charts

Womenandgirls.ctdata.org

data



Presenter Notes
Presentation Notes
Secondary Data source


Exposing Connecticut's Eviction Crisis

Customize your view

Choose your geography
— census tract, town or
Zip code

Choose what you want
to count

Download the data

o | eoaon ctdata.org/evictions



Presenter Notes
Presentation Notes




State Data Center

American Community Survey Data Tool

Connecticut

According to 2015-2019
American Community
Survey

Scroll down to explore
data tables

ACS2019.ctdata.org

CT
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Exploring [Median Househald Incoms ~| mdqtq

How did it change in the past 10 years?

The table below shows median household income by town for fwo survey
releases, ACS 2014 (covering 2010-2014) and ACS 2019 (2015-2019), and
shows the change in the last column

Click column headers to sort the table by that column

Town ACS 2010-2014 ACS 2015-2019 Change
Andover $97 426 $105,328 +8.1%
Ansonia $43,144 $54,901 +27.3%
Ashford $77,250 $70,952 -8.2%
Avan $116,565 $131,130 +12.5%
Barkhamsted $81,792 $109,688 +34.1%
Beacon Falls $87 273 $85,024 -26%
Berlin $87,518 $101,127 +15.5%
Bethany $97,500 $129,133 +32.4%
Bethel $85,377 $101,968 +19.4%
Bethlehem $88,616 $98,409 +11.1%
Bloomfield $73,519 $76,717 +4.3%
Bolton $88,625 $105,772 +19.3%
Bozrah $76,307 $90,156 +18.1%
Branford $71,068 §77,640 +0.3%
Bridgeport $41,204 $46,662 +13.2%
Bridgewater $93,750 $111,250 +18.7%

ACS2019.ctdata.org





Presenter Notes
Presentation Notes
We also provide lots of secondary datasets on our website.


If you're looking for data on Norwalk

« Town Profiles

« Housing Profiles

« Women and Girls Data Platform

» Eviction data

« Census American Community Survey (ACS) data
- Data by Topic

« Email the data helpline: Info@ctdata.org




Fundamentals & Principles

data




What is Data Literacy?

Data literacy is the ability to systematically & ethically ask
& answer real-world questions with data. This includes:

N/ —

o—| Collecting & finding data

N/ —

|‘\‘- Critiquing & interpreting data (critical consumer)

Analyzing & applying data


Presenter Notes
Presentation Notes
At CTData we talk a lot about data literacy. It’s part of our mission….to build data literacy skills. So what do we mean when we talk about data literacy? 

We define it as the ability to systematically and ethically ask and answer real-world questions with data. It includes


123

apc


Presenter Notes
Presentation Notes

Data are facts, statistics, or pieces of information collected together for analysis or reference. 

So data start out as information, things we collect, and get converted into data. 

Data can in the form of numbers or words. And words can be turned into numbers. 


Data are People


Presenter Notes
Presentation Notes
The first principle is that “data are people.”   



We often think data work is about math skills, but it is human work. It requires we come as humans, with interpersonal skills, emotional intelligence, and empathy. We have to approach data with humility and respect because we all are  the numbers that we put into a report. 


Data Principles



Presenter Notes
Presentation Notes

Data Principles-Data principles set a clear standard which promotes public trust in our data handling and provides high quality, inclusive and trusted statistics

Some principles.  You are a data person We have and encourage principled data literacy to ethically serve your communities and tell your data story with confidence and continued curiosity.  

Data principles empower data users right from the start.  

By declaring that we are data people, we take power into our hands and put ourselves in a better position to learn from data to help improve the lives of the people we serve.



Data are not neutral

“Every data set involving people has those who collect and those
who make up the collected. It is imperative to remember that on
both sides we have human beings."

Mimi Onuoha-NYU

data


Presenter Notes
Presentation Notes


 “data are not neutral.” How many times have you encountered a data point and thought “this is biased, inaccurate, skewed, or attempting to tell a story that…?’ 

While data are about people, data are also CREATED by people. Data is not a natural element, it’s not created by biological or divine forces. WE as data people input information, or review information, and draw conclusions. I bring my perspective as a middle-age white female, I bring assumptions based on my life experience, and that is going to get into the data products I create. So we don’t let the “facts speak for themselves.” We again bring these “soft” skills – personal reflection, interpersonal relationships, humility – into our data work. 





What do you
think of when

you hear
“data ethics”?


Presenter Notes
Presentation Notes
Another principle is that we be ethical stewards of data, ethically collect it and ethically analyze and report on it.   

What do you think of when you hear "ethics in data"?

I think of
Equifax, in which 147 million people were affected
Facebook, Trump Campaign, Cambridge Analytica, 87million individuals affected, with Cambridge Analytica collecting their data, while a small subset of those (less than 300,000) consenting to their data being collected. This data was going to be used for political purposes, and was collected through holes in Facebook’s rules. We don’t really know how people were affected because we don’t know what happened to the data.

What were the results of these scandals? There was at least a temporary reduction in Facebook usage (users, posts, likes, etc) afterwards, though there also is more competition, so we can’t be sure if anyone really changed their behavior BECAUSE of these scandals. There were some fines in both cases, and loss of trust. However, the consequences for us, if we were to use data or collect data unethically, would likely be far more sever than it has been for either of these companies. 
�So what do we need to know about data ethics?


Ethically

Confidentiality or anonymity
Informed consent/Data sharing
agreements

Trustworthiness


Presenter Notes
Presentation Notes
(Norwalk acts has data sharing agreement with public schools)

The two main ideas that are generally accepted are these first two: informed consent and confidentiality.

Confidentiality and anonymity are fairly straightforward when explained this way: when you collect information during your case visits, you know who the information is from. The person is not anonymous to you. They are giving you information and you are writing it down. But you abide by confidentialty – you won’t have a conversation with me and tell me anything that could allow me to identify that person based on what you tell me. You won’t tell me their name, their address, etc. So they are not anonymous to you, but their information is confidential But if you were to pull some of that into a report of some kind, for example the % of people served, that information would be anonymous to me. 

Next is informed consent. If you are an organization that provides services to individuals then you are probably or should collect informed consent upon intake.  Informed consent lets your clients know how you will use their data, why you’re collecting it, who will see it, etc.?  If you are a data intermediary, like Norwalk ACTS then you have data sharing agreements. For example, I understand Norwalk ACTS has a data sharing agreement with the public schools that probably delineates how the data will be shared and what can and cannot be done with the data. 

Here’s a basic example of this is from our personal lives: When you are on the Internet and land on some web pages they will have a message that says, “we collect cookies” and ask you to accept.

What are cookies? Kaspersky  (https://www.kaspersky.com/resource-center/definitions/cookies): “Cookies are text files with small pieces of data — like a username and password — that are used to identify your computer as you use a computer network. Specific cookies known as HTTP cookies are used to identify specific users and improve your web browsing experience.

“Websites use HTTP cookies to streamline your web experiences. Without cookies, you’d have to login again after you leave a site or rebuild your shopping cart if you accidentally close the page. Making cookies an important a part of the internet experience.”

They can help make sure you don’t have to log in lots of times, remember if you added something to a shopping cart in a website that you want to order later, and learn more about how to give you more relevant information. It’s possible for websites to collect your address, social security number, birth date and location without you even realizing it. But when you click that “accept” button, you don’t really know what you’re agreeing to. You really can’t know whether they have fully told you what they will collect, what they will do with what they have collected, where it will be stored and how it will be protected. 

This then, relates to this last idea, which has been discussed by the equity in data community of practice that we have created at CTData. Trustworthiness. Ensuring that people can fully give informed consent helps us be trustworthy. They need to trust that we use the data how we say we will, and trust that we will protect their information. So by being a trustworthy organization, they will be more likely to give us accurate information.





Our approach to data
projects



Presenter Notes
Presentation Notes
Now that we’ve covered some of the basic data fundamentals and principles, I’d like to talk about how the we approach data projects 


Exposing Connecticut's
Eviction Crisis



Presenter Notes
Presentation Notes
I’m going to share a recent piece of work we did and talk about the steps of how this work unfolded.


Data life cycle e are
here

Source: A Toolkit for Centering Racial Equity Throughout Data Integration
e


Presenter Notes
Presentation Notes
We use the data life cycle to guide our work
 
The data life cycle, refers to the entire period of time that data exists in your system. This life cycle encompasses all the stages that your data goes through.


Asking &
answering

Photo by Gary Butterfield on Unsplash



Presenter Notes
Presentation Notes
The first step in planning is thinking about what questions you are seeking to answer. This is really fundamental to all data work. 

As an organization, the influence you are trying to make in the social sector, can be turned into questions you want to influence which drives the data collection. 

This piece of data literacy is really about efficacy, empowerment, and curiosity.


https://unsplash.com/@garybpt?utm_source=unsplash&utm_medium=referral&utm_content=creditCopyText
https://unsplash.com/s/photos/ask?utm_source=unsplash&utm_medium=referral&utm_content=creditCopyText

We strive for our programs to be
more data-informed. Notably,

our data is only as good as the
QUESTIONS we ask.



Presenter Notes
Presentation Notes
12:30 - 2:00

Link between desired outcomes in the logic model and the questions that you are asking on our data collection tools.

Need to understand which items align with which outcomes so you know what to analyze and how you are going to tell your story.

What are the different ways we ask questions during evaluation?
Surveys
Interviews
Focus groups / community conversations


Different formats for
asking questions



Presenter Notes
Presentation Notes
12:30 - 2:00


Questions

'Who'is being evicted?

* Are there differences among subpopulations

Where are evictions happening in the state?

What was the impact of the moratorium?

What are the trends post-moratorium?

Does having legal counsel change the outcomes?



Presenter Notes
Presentation Notes
These were our research questions. But as organizations, a question that you likely are trying to answer is ‘are we making a difference’ and to measure that you would have to break it down into components.


Data life cycle Weare

Source: A Toolkit for Centering Racial Equity Throughout Data Integration




Data Collection

Systematic and Ethical Data
collection that asks and answers the
right questions creates the conditions
for effective decision making, robust

questions, and more accurate dato
dissemination and reporting


Presenter Notes
Presentation Notes
First is “systematically.” Some of the words that describe this might be consistently, correctly, standardized. 

When we collect things we intend to turn into data, we do so systematically so we don’t get to the end and find out we can’t actually analyze the data. And when we decide we want to turn them into data, we create protocols and safeguards around the process so we can be sure we will be able to analyze the data at the end. 


To sum this up, data is collected systematically through planning for clear protocols and boundaries. If we aren’t systematic, we may end up drawing conclusions that are not accurate and making decisions that aren’t actually helpful. 


Eviction Data Collection

ol

Court Social Security Census Data
Records Birth Records
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Presentation Notes

At CTData we use all secondary public data for the most part. We are also a data intermediary so we aren’t doing primary data collection.


Critiquing &
interpreting

s



Presenter Notes
Presentation Notes
Now that we know where to find the data, or next step should be critiquing it.  Where did it come from, is it trying to say, and is it relevant to your work?


Data
Quality


Presenter Notes
Presentation Notes
Being able to critique and interpret data is the ability to asses the quality of the data.


When thinking about quality you want to think about who is included or not, is the data representative of the group it proportes to represent? If it’s surye data, are the margins of error included? Is the sample size sufficient to be representative of the population? Is the source trustworthy? Is it a primary source?

All these questions are part of being a critical consumer of data.





https://unsplash.com/@florianklauer?utm_source=unsplash&utm_medium=referral&utm_content=creditCopyText
https://unsplash.com/s/photos/story?utm_source=unsplash&utm_medium=referral&utm_content=creditCopyText
https://unsplash.com/@wendish?utm_source=unsplash&utm_medium=referral&utm_content=creditCopyText
https://unsplash.com/s/photos/broken-toy?utm_source=unsplash&utm_medium=referral&utm_content=creditCopyText

Cleaning &
Processing Data


Presenter Notes
Presentation Notes
Tableau offers this definition of data cleaning: “Data cleaning is the process of fixing or removing incorrect, corrupted, incorrectly formatted, duplicate, or incomplete data within a dataset.” https://www.tableau.com/learn/articles/what-is-data-cleaning. As I have said multiple times – we plan ahead and collect our data systematically so 1) we don’t have to spend as much time on cleaning (which can be long and painful!), and 2) we can use more of our data (or not “throw out” data). 

For all of you have worked with data you know it can be messy. You need to look for
Missing values – determine if they are systematically missing or at random
Partial or incomplete values –
Errors - simply incorrect data. James is not 117. 
Duplicate values, etc

So how about the fun part, data analysis?....

https://unsplash.com/@florianklauer?utm_source=unsplash&utm_medium=referral&utm_content=creditCopyText
https://unsplash.com/s/photos/story?utm_source=unsplash&utm_medium=referral&utm_content=creditCopyText
https://unsplash.com/@egnaro?utm_source=unsplash&utm_medium=referral&utm_content=creditCopyText
https://unsplash.com/s/photos/mess?utm_source=unsplash&utm_medium=referral&utm_content=creditCopyText

Cleaning/Processing data

Defendants
with names of
Jane and John

Doe

CT
36 | ctdata.org

Standardized
the addresses
to enable
geocoding

Created a new
variable to
flag ‘access to
counsel’


Presenter Notes
Presentation Notes

we enhanced the public record to fill in two gaps in the data that allow us for the first time to say ‘who is being evicted.’

The first gap, is that we assigned male/female probabilities by matching names to historical baby names from Social Security records between 1945–2004. 

To determine race/ethnicity, we use Surgeo’s implementation of the Bayesian Improved Surname Geocoding (BIGS) model.




Data life cycle

We are
here

Source: A Toolkit for Centering Racial Equity Throughout Data Integration




CT
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Enriching the data

Male/female Assigned
probability race/ethnicity
assigned to probabilities
each case



Presenter Notes
Presentation Notes

we enhanced the public record to fill in two gaps in the data that allow us for the first time to say ‘who is being evicted.’

The first gap, is that we assigned male/female probabilities by matching names to historical baby names from Social Security records between 1945–2004. 

To determine race/ethnicity, we use Surgeo’s implementation of the Bayesian Improved Surname Geocoding (BIGS) model.




We are Data life cycle

Source: A Toolkit for Centering Racial Equity Throughout Data Integration




Making
Meaning


Presenter Notes
Presentation Notes
But when we look at all of these pieces together, we can start to make meaning of what we’re looking at. Even then, when we’re talking about data, there’s always subjectivity and human involvement. 

https://unsplash.com/@dhruvweaver?utm_source=unsplash&utm_medium=referral&utm_content=creditCopyText
https://unsplash.com/s/photos/abstract?utm_source=unsplash&utm_medium=referral&utm_content=creditCopyText

Data Analysis

How many?

How different?

How similar?

Photo by llkka Ka&rkkainen on Unsplash
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Presentation Notes

 Data analysis is the part where we finally get to learn things that inform those questions we have! 


All data projects hinge around questions, big questions that are overarching – how should we change our program or strategy? How benefits most from our program, service, or product? What are unintended negative outcomes from our program, service, or product? When we do data analysis, we’re actually answering smaller questions that help us answer those big questions. 

https://unsplash.com/@ilkkago?utm_source=unsplash&utm_medium=referral&utm_content=creditCopyText
https://unsplash.com/s/photos/question-mark?utm_source=unsplash&utm_medium=referral&utm_content=creditCopyText

75,429

eviction cases
filed by landlord
2017 to 2021

CT
42 | ctdata.org
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Presentation Notes
How Many?

Between 2017 and 2021, 75, 429 eviction cases were  filed.
Although, there was a moratorium, eviction cases were still being filed.

And in recent months, the number of eviction cases filed by landlords has approached pre-pandemic levels

In some cities, such as Hartford, eviction filings have already surpassed pre-pandemic levels NEXT


56% of Eviction Cases were filed against
Female Renters
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Presentation Notes
Differences

When looking at the data by male and female renter, majority of eviction cases were filed against female renters and this is true across all years of data. NEXT


Black and
Hispanic Females
disproportionately
face evictions



Presenter Notes
Presentation Notes
Further, when looking at the intersection of race/ethnicity and sex, 62% of eviction filings were against Black female renters and 59% of eviction filings were against Hispanic/Latino female renters NEXT


Landlords are 11 times more likely to have
representation

(0] Of landlords (0) Of renters had
80 /O had access to 7 /o access to
counsel, on counsel, on
average average

Between 2017 to 2021

CT
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Presentation Notes
We found that 80% of landlords had access to counsel and that was true for all years 

While 7% of renters had access to counsel. NEXT


Meaning landlords are 11 times more likely to have representation



What’s interesting, is that even though fewer eviction filings occurred during the moratorium, the percentage of renters that had access to counsel did not increase.


+

9%

More likely to have removal
orders (executions) issued
against them if they didn’t have

lawyers
46 | ctdata.org 2019 Data



Presenter Notes
Presentation Notes
Further, the consequences are quite different without counsel. We found that renters are 89% more likely to have removal orders issued against them if they did not have legal representation. 

Another stark finding is that renters with lawyers were more than twice as likely to have their cases withdrawn and 43% more likely to have them dismissed. NEXT


We are Data life cycle

here i

Source: A Toolkit for Centering Racial Equity Throughout Data Integration
e



Applying Data


Presenter Notes
Presentation Notes
Once you’ve conducted your analysis, you need to either apply what you’ve found or help others to do so. 
This is the part where you communicate your findings and how you communicate your findings depends on the audience you’re trying to reach. We have multiple workshops on this topic, one is Data Storytelling and the other is Data Visualization.


A large part of what we do at CTData is thinking about how to communicate through data visualizations. I’m going to share a couple principles that should help you in your work. 


Deficit Framing

Defining people
by their
problems

CT
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*;t/
Reframing

>

>

Asset Framing

Defining people by
their aspirations and
contributions



*}\V
Reframing

SRS Obscures the
“Disadvantaged” g problem

CT
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Presenter Notes
Presentation Notes
Describing it that way obscures the problem. IF you say, research suggests poverty and racism place students at risk, now we know what the problems are and can address it. Allows you to view the individual student separate and apart from the particular risk


data

Do No Harm with Data — Applying Equity
Awareness 1n Data Visualization

--John Schwabish--
I.I
Demonstrate Empathy Think about icons, color,

. order, and language
“If | were a data point

in this visualization,
would | feel offended”

Do No Harm — Blog post summary and video


Presenter Notes
Presentation Notes
Last year, John Schwabish presented at our conference a session titled “Do No Harm with Data – Applying Equity Awareness in Data Visualization.”

He had some really interesting insights to share, and the video is embedded in a blog post we did on the session. 

He talked about demonstrating empathy when sharing and visualizing data. Think about people first language – Black people or people with disabilities as opposed to disabled people. The challenge is language is always changing and evolving so what we say today might not be what we say tomorrow but need to be aware.

Consider the icons and color and order of how you represent data.

https://www.ctdata.org/blog/ctdata-conference-recap-how-can-we-do-no-harm-with-our-data-visualizations

Ordering
results

data



Presenter Notes
Presentation Notes
For example, let’s think about how we order data.

Often-times when exploring race or ethnicity data, groups are compared to either the White group or the best group. For example, Black maternal mortality is twice that of white women in Hartford. But really our goal should be zero materal mortality. Why not compare to the goal? Another consideration is comparing to the average rather than a specific group. 

Does your study focus on a particular community? If it does, that group should be presented first

Is there a particular argument or story you are trying to tell? If so, the order or presentation of results should reflect that argument

OR sort by quantitative relationship – sorted alphabetically; by population size, sample size, or magnitude or effect the results


Shifting how you frame
the data, also changes
how you solve the
problem



Presenter Notes
Presentation Notes
In closing when thinking about reporting, if we shift how we frame the data, it also changes how we solve the problem


Jsijdato

Questions?

CTData.org
@CTOpenData
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